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Basis B represented as 43=54 ,
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Singular Value Decomposition

For n ⇥ d matrix A, define [U, S ,V ] = svd(A) so that USV T = A.
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Singular Value Decomposition
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Tracing a Point through SVD

Consider a matrix
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Tracing a Point through SVD

x = (0.243, 0.97), then what is ⇠ = V T x?
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Tracing a Point through SVD
x = (0.243, 0.97), then what is SV T x = S⇠?
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Best Rank k-Approximation
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